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ABSTRACT

Array calibration algorithms for over-the-horizon (OTH) radar ar-
rays have been recently proposed in the literature. These algo-
rithms perform array calibration by using echoes from ionised
meteor trails, and estimate sensor position errors and mutual cou-
pling. In this paper we derive the Cramer-Rao performance bound
for this array calibration problem and then investigate the perfor-
mance bound. We obtain insight on the achievable accuracy as
a function of the signal-to-noise ratio, number of snapshots and
number of sources. Further, we consider the advantage of using
sources with known bearings, as opposed to unknown bearings,
and consider the identifiability of the array calibration problem.

1. INTRODUCTION

Array calibration algorithms for over-the-horizon (OTH) radar ar-
rayshave beenproposedin[10] [11]. Thesealgorithmsestimatethe
sensor position errors and mutual coupling, using external sources.
Array calibration in [10] is performed by exploiting echoes from
ionised meteor trails, whilein [11] avariety of sources (including
echoesfrom ionised meteor trails) are used for calibrating theradar
array.

In practice the important case is where only disjoint echoes
from ionised meteor trails are used, in either [10] or [11], since
these sources have very attractive properties from an array cali-
bration perspective[12]. By disjoint we mean the echoes do not
occupy both the same time snapshots and the same radar range
cells. In this paper we obtain insight into this important practical
case by analysing the Cramer Rao lower bound (CRLB). The ar-
ray calibration problem can only be solved when the CRLB exist,
hencethe existenceof the CRL B addressesthe question of identifi-
ability. Further, since the CRLB givesthe minimum variance that
an unbiased estimator can obtain, it gives the accuracy attainable
under given scenarios.

The CRLB for array calibration hasbeen consideredin [8] [14]
[2][1]116] [71]9]. Only[8] and[7] consider multiple sourceswhich
are either temporally or spatially disjoint. In [8] only sensor posi-
tions are considered, and prior statistics are used in the derivation
of the CRLB. In [7] the source directions-of-arrival (DOAS) are
assumed known a priori and the coupling matrix is unstructured.
Here we determine the CRLB for disjoint sources where the sen-
sor positions, symmetric coupling matrix, and source DOAs are
unknown.

2. PROBLEM FORMULATION

For a narrowband single-mode signal impinging an M element
array, in the absence of mutual coupling, the output of the mth
Sensor is

zmi(t) = (14 am)e_mm s1(t)e ™" o (4) Q)

where o, & ¢, arethereceiver gain and phaseerrors, s1(t) isthe
received signal, and n.,(t) is additive receiver noise. The radar
operating frequency is w, Trmn = (£m SiNGy + Yom €COSO,) /v, Ty
& y,, definethe position of the mth sensor, 61 is the DOA of the
signal (with respect to broadside), and v isthe speed of light in free
space.

The vector of M sensor outputs, from the array, is

21(t) = Ta(61)s1(t) + n(t) @)

Wherezl(t) = [Zu(t), Z21(t), ceeey ZMl(t)]T,

I' = diag{(1+ al)e_ml, (14 aM)e_mM},
a(f,) = [e7WTn e TIW2n e TIWTMR]T
n(t) = [na(t), n2(t), ..., nas ()]

In the presence of mutual coupling [3]

21(1) = CTa(6y)s1(t) + n(t) ©)

where C = (Tar + Zo/7Z1) 7" is called the coupling matrix.
Matrix Ins isthe MxM identity matrix, Zo is the array mutual
coupling matrix, and 7z, isthe scalar load impedance. The covari-
ancematrix for this signal, assuming zero mean noise, is

Ri = E{za(t)za(t)7} @

Now consider NV digjoint echoes. Most meteor trail echoeswe
haveobserved areresolvablein time and range, indicating different
underlying physical mechanisms, and hence we represent these as
statistically digjoint sources [12]. The covariance matrix for the
nth digoint echo

R, = E{z,(t)zn(t)"} 5

where z,,(t) isthe vector of M sensor outputs for the nth disjoint
echo.

The problem is then to estimate the sensor positions and cou-
pling matrix, given the N covariance matrices. We have as-
sumed herethat thedataz., (¢) have been corrected for the receiver
gain/phase errors, using internal calibration.



Note, the algorithm in [10] is based on minimising the cost
function
N
2
Q=) IIlUm"Ca(t)|
n=1
where U(n) is the matrix whose columns are the eigenvectors of
R.. which correspond to the noiseeigenvaluesof R ., and V isthe
number of disjoint echoes. The algorithm in [11], for this special
case of digjoint echoes, is based on minimising

(6)

N
Q= Z llen — Ca(b,)sn||® (7)
n=1

wheree,, isthe eigenvector correspondingto the signal eigenvalue
(principal eigenvector) of R.,, and s, is acomplex scalar.

3. CRAMER RAO LOWER BOUND

The likelihood function for the complete data set {z. (%), ¢ =
1,2,..,T&n=12..N}isgivenby

D[2(1), 2(2), .., 2(T) ) ¥] = WMiR”

t=1

exp(—z(t) "R ™'z(1))

(8
’ZN(t)T]Tf ¥ = [H,X,y,C]

where z(t) = [z1(t)", z2()7, ...
andthe M NxM N matrix R is

R, 0 --- 0
0 R, - 0

R=| . . . C)
0 0 - Ry

where the exact covariance matrix of the nth echo/sourceisR.,, =
o2Ca(8,)a(8,) CH* + 521, assuming al echoeshave signal-
to-noise ratio (SNR) = ¢2/42. The unconditional CRLB [13] is
then
CRLB(®) = [Ju]™* (10)
where the elements of the symmetric Fisher Information Matrix
(FIM) are
Jw = Ju = Ttr{R7'OR /0 ¥, R™OR /0 ¥;) (11)

wheretr{} isthe trace operator. Since R, R™*, dR./9 ¥}, are all
block structured matrices

N
Ju =Ty tr{ROR,/OUROR, f0W)  (12)

n=1

The elements of the FIM are now given (see[10] for the details).
Since we have disjoint sources, dR.,, /96, is azero matrix for
n # 1, and hence Jy, 6, iszerofor k # 1. Now

Jo, 6, = 2T *R{tr {R;*Caq, (6x)a(6,)" CFRIC
(20, (Bx)a(0x)™ + a(x)as, (0x)")CT}}  (13)

where aek(ek) = aa(ek)/aek = D(Hk)a(ek) (WI'[h D(Gk) =
(=275 /X)diag{x cos(8x) —y sin(9x)}), and R{} isthereal part.

N
Ty =20y R{r{R; Céy, (9n)a(9,) " C' R
n=1

Clas, (0n)a(8n)" +a(bn)as, (02)7)C"Y} (14)

wherea,, (6,) = da(8,)/dzx = dxx®a(b,), ® istheHadamard
product, and dx isan M element row vector with all but the kth
element zero; the kth elementis (—2x7/X) sin(6,), where X isthe
radar wavelength. Similarly for the y coordinate and z-y coordi-
nate terms.

N
Jopq =200 " R{tr{R;'Cepa(8n)a(6,) " CT R
n=1

(C.,a(8,)a(8,)" C7+Ca(b,)a(8,)" CT)}} (15)

where matrix C., = dC/dcx, cx being the amplitude/phase of
an element in the symmetric coupling matrix.
Jo, 2y =Totr {R;1C(ae, (9x)a(6x)” +
a(fx)ae, (0x)")CYRIC
(az (8)a(0x)” + a(6r)as, (0x)")CT}  (16)
Jop.ep =To tr{R;IC (A6, (9x)a(8x)™ +
a(fx)ag, (0x)" ) CT R
(C.a(8x)a(8x) " C+Ca(8r)a(8x) " CH)} (17)

N
Jepwy =To*Y tr{RN(Copa(dn)a(9)” C” +

Ca(@n;a(en)HCi )R;,;*C
(A2, (6n)a(6n)" + a(8)az, (6,)")C7}  (18)

4. PERFORMANCE EVALUATION

We studied the performance for anominal uniform linear 4-element
array, with inter-element spacing of d = 0.4\. Therandomly gen-
erated sensor position errors in the x-coordinate (along the array)
and y-coordinate (perpendicular to array) aregivenin Table 1. The
coupling matrix we employed was experimentally measured from
the Jindalee OTH radar transmitter array [5]. Unless specified
otherwise, 10 sourcesequally spaced from O to 180 degreesin az-
imuth, eachwith SNR of 30dB and 500 snapshotswere considered
(as considered in [10]).

Sensor 1 2 3 4
y-coordinate | -0.1149 | 0.0674 | 0.0011 | -0.0361
x-coordinate | -0.0499 | 0.0130 | 0.0156 | -0.0162

Table 1: Position Errors (1)

Sincein [10] [11] it is assumed that the location of one sen-
sor and the direction to another sensor is known there are only 5
sensor position parameters (2M — 3) which are unknown. For
the coupling parameters, since we assumed a symmetric coupling
matrix and place the constraint that c11 = 1, 18 coupling values
(M(M + 1) — 2) are unknown. Finally since all DOAs are un-
known, for 10 sources 10 DOAs (V) are unknown. The total
number of unknown parameters is then 33 (the noise power is
assumed to be known).

Figure 1 shows the CRLB for the estimation of the third sen-
sor’s y-coordinate (—) and x-coordinate (——), and the coupling
value c1o’'s amplitude (—.—) and phase (...). The standard devia-
tion (STD) variation with SNR, for arange of meteor echo SNR's,



are shown for 500 snapshots (the STD valuesfor 10 snapshotsare
simply 50 times larger). Note the STD valuesfor the sensor posi-
tions are in units of wavelengths, while the coupling value phase
isin units of radians. The monotonically decreasing STD values
with SNR indicates the problem is well defined. The STD values
indicate that good array calibration accuracy can be achieved for
10 echoeswith their typical 20-30dB SNR and typical number of
snapshots (5-15). As expected, the calibration accuracy achiev-
able for the third sensor’s x-coordinate and y-coordinate position
are similar.

The STD variation with number of snapshotsis showninfigure
2. While the number of snapshots for meteor echoes is typically
less than about 15-20, the behaviour for higher values gives useful
insight. The variation observed is in accordancewith the LT fall
off expected, and indicates that if one can obtain more snapshots
from meteor echoes, the performance can be improved. Note we
expect each meteor echo snapshot to be independent, even though
meteorsare passivesources, sincethe scattering processisarapidly
time-varying process [4].

Figure 3 shows the STD variation with number of sources.
The performance attainable increases rapidly initially and then
improves more gradually. The FIM was non-invertible, and hence
the problem non-identifiable, for less than four sources. One can
conclude from this figure that the more sources one can use for
array calibration the greater the achievable accuracy. However,
sincethe curves start to flatten off for high number of sources, the
improvement obtained by adding further sourcesbecomesminimal.

It has been mentioned in [6] that better array calibration accu-
racy can be obtained by using “ Active Array Calibration” (special
sourceswith known DOA's) as compared with “Passive Array Cal-
ibration” (sources of opportunity with unknown DOAS). Figure 4
showsthe CRLB of thethird sensor’sy-coordinate, for the standard
case (—) together with some important special cases. The dashed
curve (——) showstheperformance achievableif the source DOAs
are known a priori. The improvement for sensor position estima-
tion is a factor of about 2.5-3, while for the coupling amplitude
and phase (not shown) the improvement is a factor of about 10.
Hence Active Array Calibration does perform better, but clearly
the difference can be offset by the use of sourceswith higher SNR
and number of snapshots (and to some extent by using a larger
number of sources).

Also shown in figure 4 is the CRLB for the case where other
combinations of parameters are known a priori. For sensor posi-
tion estimation, knowing the coupling values a priori (...) gives
slightly better results than knowing the DOAs (——), while as ex-
pected knowing both the coupling and DOAsapriori (—.—) gives
even better performance. For the estimation of ¢12’s amplitude
(not shown), the difference in performance between the three cases
is small, with the best accuracy obtained with both known DOAs
and sensor positions (as expected). In the case of c¢12’s phase (not
shown), knowing the sensor positions a priori is better than know-
ing the DOAs a priori, and again knowing both a priori achieves
the best results.

lonised meteor trails are formed when meteoriods enter the
earths atmosphere and are at altitudes of about 100km. Hence,
meteor trail echoesreach OTH radar arrays from heights of about
100km. Until now we have assumed that the sources are at zero
elevation, but now we investigate how array calibration perfor-
mance is effected by the elevation angle of meteor echoes. Figure
5 shows the achievable accuracy as a function of the range of the
meteor echoes; the closer the sources are from the radar the higher

elevation angle. The results clearly show that calibration accu-
racy is seriously effected for echoes from ranges less than about
100km, with the accuracy being independent of range for echoes
from ranges greater than about 200km. For simplicity we haveig-
nored the drop off in antennagain with elevation and the decrease
in meteor echo intensity with range.

We have observed that as the azimuth spread over which the
sources exist increases, the performance attainable increases. It
should be mentioned that even though we consider alinear array,
once sensor position errors are introduced the array is no longer
linear, and hence improvement in performance is expected when
the source spread is above 180 degreestoo (as we have observed).

5. CONCLUSION

The CRLB, for the problem of OTH radar array calibration us-
ing meteor trails echoes, has been presented. Simulations have
been usedto illustrate how the bound decreaseswith SNR, number
of snapshots and number of sources. For a 4-element array con-
sidered, the array calibration problem was non-identifiable when
less than four sources were used. “Active Array Calibration” was
shown to produce better accuracy than “Passive Array Calibra-
tion”, at the cost of requiring special sources. The influence of the
elevation angle of meteor echoeson array calibration accuracy was
also outlined.
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Figure 3: CRLB variation with number of sources : third sen-
sor'sy-coordinate(—) andx-coordinate(——), and c1o’samplitude
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Figure 4: CRLB variation with SNR for the third sensor’s y-
coordinate : (a) DOAs and coupling values unknown (—); (b)
DOAs known but coupling values unknown (——); (c) DOAs un-
known but coupling values known (...); (d) DOAs and coupling
valuesknown (—.—).
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Figure 5: CRLB variation with range, for the third sensor’s y-
coordinate, when the elevation angle of meteor trail echoes is
considered.



