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Abstract– In this paper we introduce a new spontaneous 
expression database, which is under development as a new 
open resource for researchers working in expression analy-
sis.  It is particularly targeted at providing a wider number of 
expression classes contained within the small number of 
natural expression databases currently available so that it can 
be used as a benchmark for comparative studies. We also 
present the first comparison between kernel-based Principal 
Component Analysis (PCA) and Fisher Linear Discrimi-
nant Analysis (FLDA), in combination with a Sparse Repre-
sentation Classifier (SRC), based classifier for expression 
analysis. We highlight the trade-off between performance 
and computation time; which are critical parameters in 
emerging systems which must capture the expression of a 
human, such as a consumer responding to some promotional 
material.  

Keywords– Fisher’s Discriminant Analysis, Kernel, Principal 
Component, Sparsity, Spontaneous Expression Classification.  

1. INTRODUCTION 

The ability to use algorithms to classify features from facial 
expressions can potentially allow the emotions that stimu-
lated the expressions to be inferred, giving rise to a range of 
potential applications. We propose an automated system for 
advertisers who may wish to identify the expressions of 
consumers in order to estimate their affective responses and 
reactions to advertising campaigns. To achieve this, the 
system should be able to accurately recognise natural expres-
sions of consumer’s faces.   

There are basic methods for extracting usable facial fea-
tures, two of which are Principal Component Analysis (PCA, 
eigen-faces) and Fisher Linear Discriminant Analysis (FLDA, 
fisher-faces) [1]. The PCA method projects the face images 
into the space which is composed of principal components, 
and the reconstructed images are called eigen-faces [2]. On 
the other hand, the FLDA automatically selects the optimal 
features for classification by using the theories of linear 
discriminant projection [3].  

Some studies have investigated the possibility of combin-
ing the PCA and FLDA methods with a neural network [4] 
and Support Vector Machine (SVM) [5]. Other research also 
suggests that applying the kernel method will make it easier 
to linearly separate each class [6]–[8]. Apart from the choice 
of classification method, the careful selection of features may 
also bring significant improvement of the overall perform-
ance [8]. Researchers have applied the recently developed 
approach called Sparse Representation-based Classification 

(SRC) or sparsity to Facial Expression Recognition (FER) [9]. 
The SRC approach employs each training image as an atom 
to represent the test image, and uses the sparse representation 
to perform classification [10]. Practically, the types of image 
database (spontaneous or posed expression database) used to 
conduct training will also affect the effectiveness of methods 
[11–13].  

 
1.1. Brief Review of Existing Databases 

Most of the facial expression databases in use today are 
posed expression databases, such as the Cohn-Kanade (CK) 
database, JAFFE database [14] and the MUG database [13] 
(being used for a comparison in this study). The MUG 
database contains 630 images, posed by more than 30 par-
ticipants, comprising the seven prototypical facial expression 
classes: Anger (AN), Disgust (DI), Fear (FE), Happiness 
(HA), Neutral (NE), Sadness (SA) and Surprise (SU) [13]. 
Posed databases are limited due to the unrealism of the often-
exaggerated expressions contained therein; as such, systems 
developed on this basis may not perform well in practical 
applications. 

Because of the difficulty in stimulating certain types of 
expression and labelling them, there are only a few spontane-
ous facial expression databases available at this moment, 
such as the NVIE database [11] and the DISFA database [12]. 
Where others exist, they have not been made available to 
other researchers in the field. There are mainly three different 
ways to stimulate facial expressions: human-human conver-
sation, human-computer interaction, or emotion-inducing 
videos [11], [15]. Since certain expressions are harder to 
stimulate and capture (such as AN, FE and SA), a typical 
spontaneous facial expression database would have around 
three expression classes from approximately 50 - 80 subjects 
which is one of the pitfalls we will try to address. 

This paper introduces a new natural database, which will 
be a publicly available benchmark dataset for research in 
spontaneous facial expression analysis. We also provide 
experimentally verified analyses of classification-based 
methods along with assertions on eigen-vector selection, 
notably the first known comparison between kernel-based 
PCA and FLDA combined with SRC for expression recogni-
tion. The remainder of the paper is arranged as follows: 
Section 2 will introduce our new spontaneous expression 
database. Section 3 will describe the feature extraction 
methods employed in the review. Section 4 will discuss 
classifiers including sparse representation. Performance is 
analysed in Section 5 and Section 6 contains conclusions and 
suggestions for future work. 



2. NEW SPONTANEOUS EXPRESSION DATABASE  

Other potential applications of expression recognition (e.g. 
real-time assessment of marketing on smart devices) are 
emerging at a slow pace. This is partly as a result of a limited 
number of accessible natural databases. Where accessible, 
there are a limited number of subjects and classes. We aim to 
develop what will be a publicly available database with 
sufficiently larger number of subjects, more expression 
classes and more diverse than currently exist.  

The prototype of our spontaneous facial expression data-
base contains 134 images collected under normalised condi-
tions from 50 subjects from the HA, DI, NE, SA and SU 
classes. However only images from DI, HA, SA and SU were 
used in the evaluations in this paper. A clip of various emo-
tion-inducing videos, which lasts around 19 minutes, is being 
shown to each voluntary participant under the same condi-
tions in order to stimulate their facial expressions. Prior to 
the experiment, volunteers are told that they are participating 
in a memory/observation test in order to make sure that the 
expressions are truly natural and as such, the volunteers had 
no idea that they were being recording until the end of the 
experiment.  

The experiment was setup in the multimedia room of the 
department. For capture, we used a mini High-Definition 
(HD) camera with the record lighting concealed, placed on 
top of the screen to record video of the volunteers while they 
watched the clip. Prior to the experiment, participants were 
asked to sign a ‘consent to participate’ form, which contained 
details of the fictitious experiment. At the end of the video, 
following the disclosure of the true purpose of the experi-
ment (at which point recordings continued to capture reac-
tions), the volunteers are also asked to pose the six classes of 
expression in front of the camera. To conclude, each partici-
pant was asked to sign a ‘release form’.  

The raw video data are then transformed into a useable 
database of images by cutting the video into short video clips, 
typically lasting 2-3 seconds; each one of which contains the 
evolution of an observed facial expression from the onset 
through the apex to the dissipation. The short video clips are 
converted to a sequence of JPEG images. The ‘peak’ expres-
sion image, which has the most intense expression in each 
sequence, is chosen to build up the database. The remaining 
images in the sequences are also saved for further study.  

The labelling and pre-processing (cropping and centring) 
are performed manually. A judging panel of three people is 
being used to re-examine the labelling of the images in 
classes AN, FE and SA, due to the higher chance of confu-
sion between these classes.  

3. FEATURE EXTRACTION METHODS 

3.1. Principal Component Analysis (PCA) 
PCA characterizes objects to be measurable by machines and 
reduces the dimensionality of objects by combining features. 
Effectively, PCA chooses a linear projection that maximizes 
the scatter matrix [1]. To achieve that, a scatter or covariance 
matrix is formed by: ࡿ ൌ ∑ ሺࢄ െ ࢄሻሺࣆ െ ሻ்ேୀଵࣆ . Given  
that ࢄ  is the column vector created by reshaping each 
original image, ࣆ is the mean of all ࢄ, ܰ is the total number  
 

Figure 1: Images from the new spontaneous database (top row)  
and images from the posed MUG database (bottom row). 
 

of training samples, and ሺ·ሻ் denotes the transpose operation. 
Applying  linear  projection  ்ࢃ,  the scatter of  the projected 

feature vector ሼࢋଵ, ,ଶࢋ … , -For PCA the projec .ࢃࡿ்ࢃ ேሽ isࢋ
tion matrix Wopt is chosen to maximize the determinant of the 
scatter of the projected feature vector: 

 

Wopt ൌ ݃ݎܽ maxࢃ  (1) |ࢃࡿ்ࢃ|

3.2. Fisher Linear Discriminant Analysis (FLDA) 
PCA provides a basis for feature extraction by performing 
dimensionality reduction with a linearly selected projection 
matrix. However, the dimensional reduced images are not 
always perfectly linearly separable. FLDA was introduced, 
this transforms the original database into a dimensional 
reduced space where the differences between classes are 
maximised and the differences within each class are mini-
mised. To achieve that, let the between-class scatter matrix 
be: ࡿ ൌ  ∑ ܰሺࣆ െ ࣆሻሺࣆ െ ሻ்ୀଵࣆ  and the within-class 
scatter matrix be defined as:  ࡿௐ ൌ  ∑ ∑ ሺࢄ െ ࢄೖࢄאୀଵࣆሻሺࢄ െ ሻ்ࣆ  where ࣆ  is the mean of class ࢄ ࣆ ,  is the 
mean of the entire training set, and ܰ  is the number of 
samples in class ࢄ. The optimal projection matrix is then: 
 

Wopt ൌ ݃ݎܽ maxࢃ |ࢃௐࡿ்ࢃ||ࢃࡿ்ࢃ| ൌ ሾ࢝ଵ, ,ଶ࢝ … ,  ሿ (2)࢝

 
where ሼ࢝| ݅ ൌ 1,2, … , ݉ሽ is the set of generalized eigenvec-
tors of ࡿ  and ࡿௐ  corresponds to the ݉ largest eigenvalues ሼλ| ݅ ൌ 1,2, … , ݉ሽ.  

To practically obtain the optimal FLDA projection matrix, 
PCA is first applied; as such, the FLDA solution is given by: 
 

Wopt ൌ W Wflda (3) 

where Wpca is given by equation (1) and Wflda  is given by: 
 

Wflda ൌ ݃ݎܽ maxࢃ หࢃ்ࢃ் ்ࢃ்ࢃหหࢃࢃࡿ  หࢃࢃௐࡿ
 

(4) 

3.3. Kernel Principal Component Analysis (KPCA) 
In general, KPCA maps data into a higher dimensional space RF, where the data could be made more linearly separable 
[16], which enables the extraction of nonlinear features, 
thereby achieving better classification performance [17], [18]. 
The nonlinear mapping function for this projection is given 
by Φ:RM՜RF  MF  where RM is the space in which the data 
originally laid. In space RF, the covariance matrix of Φሺࢄሻ is 
then given by: ࡿΦ ൌ ∑ Φሺࢄሻ Φሺࢄሻ்ேୀଵ , where Φሺࢄሻ is 
the projection of image ࢄ  in feature space RF. Notice that 



the dimensionality of the feature space RF can be arbitrarily 
large [16], [17].  

The eigen-decomposition problem of ࡿΦ can be simplified 
as: ࢄࡷહ ൌ Nλહ , and the projection matrix is given by: ࢃΦ ൌ ∑ αΦሺࢄሻ ேୀଵ where α, … , αே  are the elements of 
vector હ. With the projection matrix ࢃΦ, we can then project 
the images in RF  to a dimensionally reduced space. Assuming 
that ࢄ  is a sample image, its projection via the kernel 
method is then given by: 
ሻ ൌࢄΦΦሺࢃ   હΦሺࢄሻΦሺࢄሻ ൌ  હkሺࢄ, ሻ ேࢄ

ୀଵ
  ே

ୀଵ  

 
  (5) 

Note that whether or not ࢄ is mean-centred in its original 
space, there is no guarantee that it is zero mean in space RF. 
Therefore, the mean-centred version of the kernel matrix is 
given as: ᇱ࢞ࡷ ൌ ࢞ࡷ െ 1ே࢞ࡷ െ 1ே࢞ࡷ  1ே1࢞ࡷே where 1ே 
is an ܰ×ܰ matrix whose elements take the value of 1/ܰ. 

  
3.4.  Kernel Fisher Discriminant Analysis (KFDA) 

The FLDA method solves Fisher’s discriminant problem in 
the linear space, while the KFDA solves it in nonlinear 
feature space RF . Effectively, because the extra nonlinear 
features can easily be extracted in space RF, applying the 
kernel variant produces better results. Similar to the process 
of the fisherface method, all the scatter matrices of the 
KFDA will have KPCA pre-applied for dimensional reduc-
tion [7]. Let ࡿΦ denote the between-class scatter matrix and ࡿௐΦ  denote the within-class scatter matrix, which is defined as 
the fisher’s discriminant function in feature space RF and is 
given by: ࢃ௧Φ ൌ ݃ݎܽ maxࢃ หࡿ்ࢃΦࢃหหࡿ்ࢃௐΦ หࢃ ൌ ,ଵΦ࢝ൣ ,ଶΦ࢝ … , Φ࢝ ൧ 
 

(6) 

where ࡿΦ ൌ ∑ ݈ሺࡹ െ ࡹሻሺࡹ െ ሻ்ୀଵࡹ  and ࡿௐΦ ൌ∑ ࡵሺࡷ െ ሻࡷ்ୀଵ ,  where ൫ࡷ൯ ൌ ݇൫ࢄ, ࢄ  ൯.  The 
number of images in class ࢄ, is ݈. The mean of the entire 

training set is ሺࡹሻ ൌ ଵே ∑ ݇ሺ࢞,  ሻேୀଵ࢞  and ൫ࡹ൯ ൌଵଵೕ ∑ ݇൫ࢄ, ࢄ  ൯ଵೕୀଵ  is the mean of class ࢄ.  
4. CLASSIFICATION METHOD 

Again, as already well covered in literature, but for com-
pleteness, the Nearest Neighbour (NN) classifier is often 
used because of its simplicity and robustness. NN uses a 
Euclidean distance measure between the projections of the 
test sample and the training samples to judge their correlation. 
The test image projection is said to belong to the same 
expression class as the projection of training image for the 
lowest value of the Euclidean distance given by: 

݀ሺ݉ܽݏ, ሻ݃݊݅݊݅ܽݎݐ ൌ ඩሺݏ െ ሻଶݐ
ୀଵ ൌ ԡ࢙ െ  ԡଶ࢚

 

(7) 

4.1.  Sparsity Representation 
For SRC, let ai ൌ ଵi࢞ൣ , ଶi࢞ , … , ேi࢞ ൧ א ேכࡾ  be the sub-
database of class ݅ if the size of class ݅ is large enough, any 

test sample y  belonging to class ݅  will approximately lie in 
the linear span of the training associated with class ݅ [9]: y ൌ ଵiࢻ ଵi࢞  ଶiࢻ ଶi࢞  ڮ  ேiࢻ ேi࢞  

 
(8) 

where, αi א ,ࡾ ݆ ൌ 1,2, … , ܰ . The dictionary A  can be 
formed by concatenating all training samples together as A ൌ ሾۯଵ, ,ଶۯ … , ୡሿۯ א  .ୡכNכM܀
    For SRC to be fully expoited, the database needs to be 
“overcomplete”, which means the dimensionality (M) of the 
dictionary needs to be larger or at least equal to the total 
number of training samples ሺNሻ. This can be further achieved 
either by artificially expanding the dictionary (combining 
two different training samples to produce a new one) or 
applying dimensionality reduction methods e.g. PCA 
[10],[19]. With an overcomplete dictionary, the linear repre-
sentation of ࢟ can be rewritten in terms of the dictionary as: ࢟ ൌ ࢞ א  ெ (9)ࡾ

where ࢞ ൌ ሾ0, … , 0, ,,ଵߙ ,,ଶߙ  … , ,,ߙ 0, … ,0ሿ் א  ெࡾ  is a 
coefficient vector whose elements are zero except for those 
corresponding to the ݅௧ class. As in the literature, the solu-
tion of the linear representation of y can be simplified as the 
following ℓଵ problem [9], [19]: 
 ሺℓଵሻ: ෝଵ࢞ ൌ arg minԡ࢞ԡଵ subject to  ࢞ ൌ  .࢟

 

(10) 

The ℓଵ problem can be solved by applying a standard linear 
programing method [9][20].  
 

4.2. Recognition Based on Sparse Vector 
The classification is based on finding the closest approxima-
tion of test sample ࢟ by the sparse vectors corresponding to 
the class ݅. ߜሺ࢞ෝଵሻ is a characteristic function which selects 
coefficients related to the ݅-th class. Using the sparse vectors 
of class ݅ , we can approximate ࢟  as ࢟ෝଵ ൌ ෝଵሻ࢞ሺߜ . Test 
sample ࢟  is therefore classified based on the class, which 
minimises the residual between ࢟ and ࢟ෝଵ obtained by: 
 ݈ሺ࢟ሻ ൌ argmin ԡ࢟ െ ෝଵሻԡଶ࢞ሺߜ   (11) 

5. COMPARATIVE EVALUATION 

5.1.  Performance Analysis 
The Leave-One-Out (LOO) cross validation is applied to 
examine the performance of all the aforementioned methods. 
All program codes were run on a HP laptop: OS: Win 7 64-
bit, CPU: i5-3317U 1.70 GHz, RAM: 4GB, using MATLAB. 

On the MUG database, our experimental results show that 
the KFDA + NN classifier achieves the lowest error rate of 
7.78%, due to its ability to extract most discriminant (nonlin-
ear) features. However, it took around two hours to complete 
with cross validation, while the PCA+ SRC only took around 
eight minutes and provided the second lowest error rate of 
8.73% which is better than the recognition error of 10% 
obtained in [19]. The detailed performance and error rates are 
shown in Table 1. Figure 2 shows the average error rate and 
total amount of time taken for different method combinations. 
It can be seen that after applying the Kernel variants of PCA 
and FLDA, there is reduction of about 1% to their error rates. 
However, the price for the lower error rates comes at a 
disproportionally greater computational time.  



Table 1: Detailed performance % error rates of the various method 
combinations on the MUG database. 

 

We can also see that, generally, the SRC classifier achieves 
better results than the NN classifier and the running time did 
not increase substantially (taking even less time than NN 
when it was combined with eigen-face), although note that 
the SRC wasn’t very effective when combined with the 
KPCA and KFDA methods. This may be due to the extreme 
nonlinearity of the extracted features, which makes it hard to 
satisfy the equality constraint ࢞ ൌ ࢟ , especially for the 
KFDA method, which achieved the best performance with 
the NN classifier. 

We also tested our new spontaneous database, and due to 
the current (smaller) size and the consequent inability to form 
the overcomplete dictionary required for SRC, we only tested 
it with the basic feature extraction and classification methods 
(eigen-face + NN, fisher-face + NN). 

Table 2: Confusion matrices for classification results on the new 
database. 
 

 
Figure 2: Error performance and running times for the various 
method combinations on the MUG database. 

 

The confusion matrix in accuracy percentage is shown in 
Table 2. The result shows consistency in that the fisher-face 
method has provided greater accuracy compared with the 
eigen-face method. These poorer results confirm how impor-
tant it is to have a rich spontaneous database to gain a fair 
indication of the practical performance of methods. 

 
5.2.  Eigen-feature Selection 

The approaches discussed above include the process of first 
applying PCA or KPCA. It has been proven in several studies 
that different eigenvectors may carry information that are 
relevant to certain facial properties [8], [21]. Figure 4 dem-
onstrates that the Eigen-feature selection, which is often 
performed manually, influences results. Although the eigen 

 
Figure 3: Examples of eigenvectors NOs.1-5 in the order of eigenvalues 
 

vectors shown in Figure 3 can be very significant for recogni-
tion, they are often not relevant to the facial expression 
classification. For example, the first eigenvector shows the 
common background. The following few eigenvectors reflect 
the lighting conditions and gender information. We experi-
mentally discovered that discarding the first few eigenvectors 
produces better results in the case of natural expression 
recognition evident by the lower error rates. 

The approaches we discussed above are selecting eigen-
features manually while the feature extraction methods such 
as PCA, KPCA, FLDA and KFDA performed automatic 
eigen-feature selection. The FDA is applied in both FLDA 
and KFDA, which theoretically should produce the optimal 
solution for classification, and generally, the FDA would 
need a comparatively greater number of eigen-features to 
select the optimal ones. However, if we also feed the first 
few principal eigenvectors into the FDA, both FLDA and 
KFDA would produce inferior results. It is likely because 
those eigenvectors contain the common features in the face, 
which exist both within classes and between classes, this 
causes the FDA to produce less optimal output. This also 
reflected the conclusion we draw above that discarding the 
first few eigenvectors in the order of eigenvalues would 
increase the total performance.  

Figure 4: Results from PCA+SRC using different sets of eigenvectors 

6. CONCLUSION 

Through the comparison presented in this paper, it is clear 
that the combination of eigen-face plus SRC method is 
superior to any other method. On the MUG database, the 
eigen-face plus SRC method can easily reach the average 
error rate of 8.73% which is the second lowest among all 
methods, and it also is the fastest algorithm which only took 
500 seconds to complete the LOO cross validation.  

Meanwhile, the trade-off between the accuracy and the 
computational complexity can be very expensive. To be 
specific, although KFDA with NN classifier method has the 
lowest recorded average error rate of 7.78%, it took 7930 
seconds to complete the LOO cross validation, which indi-
cates a considerably larger computational complexity. On the 
other side, the KFDA with SRC classifier is also a time 
consuming method, which took 2.5 hours to run. Therefore, 
regardless of the low error rate the KFDA provides, it may 
not be the best choice of practical feature extraction method. 

 

Error Rate % AN DI FE HA NE SA SU Ave 
PCA+NN 14.44 7.78 17.78 10 11.11 8.89 12.22 11.75

KPCA+NN 14.44 6.67 14.44 10 11.11 8.89 10 10.8
FLDA+NN 12.22 2.22 14.44 3.33 8.89 8.89 15.56 9.21

KPCA+SRC 8.89 2.22 20 5.56 11.11 6.67 8.89 9.05
KFDA+SRC 14.4 3.33 16.67 5.56 6.67 2.22 13.33 8.89
FLDA+SRC 12.22 2.22 16.67 5.56 8.89 6.67 8.89 8.73
PCA+SRC 8.89 3.33 16.67 7.78 11.11 6.67 6.67 8.73
KFDA+NN 8.89 1.11 14.44 4.44 8.89 4.44 12.22 7.78

PCA + NN FLDA + NN 
% DI HA SA SU % DI HA SA SU 
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Generally, by changing the classifier from NN to SRC, 
most of the combinations achieved better performance. On 
average, all combinations acquired more than 1% of im-
provement on recognition accuracy. This demonstrates the 
excellence of sparsity compared with regular approaches. 

The new spontaneous facial expression database being 
measured has already shown great potential in the spontane-
ity of the expressions being collected, the number of expres-
sion classes being recorded, the diversity of the subjects and 
in providing data for future study such as understanding the 
evolution of certain types of expressions, other analyses of 
natural facial expressions or prediction of affective states. 
Once complete, our new database will serve to mitigate the 
current shortfall in freely available natural training data for 
developers of FER systems. It will have more classes from 
more diverse (age, race, gender) than any other available 
spontaneous database. 

The above all serve as motivation for the continued expan-
sion and development of the spontaneous facial expression 
database.  

7. REFERENCES 

[1] J. Ruiz-del-Solar and P. Navarrete, “Eigenspace-
based face recognition: a comparative study of 
different approaches,” Syst. Man, Cybern. Part C 
Appl. Rev. IEEE Trans., vol. 35, no. 3, pp. 315–
325, 2005. 

[2] M. Turk, “Eigenfaces for Recognition,” J. Cogn. 
Neurosci., vol. 3, no. 1, pp. 71–86, Jan. 1991. 

[3] P. Belhumeur and J. Hespanha, “Eigenfaces vs. 
fisherfaces: Recognition using class specific linear 
projection,” Pattern Anal. Mach. Intell. IEEE 
Trans., vol. 19, no. 7, pp. 711–720, 1997. 

[4] H. Sahoolizadeh and Y. Aliyari Ghassabeh, “Face 
recognition using eigen-faces, fisher-faces and 
neural networks,” 2008 7th IEEE Int. Conf. 
Cybern. Intell. Syst., pp. 1–6, Sep. 2008. 

[5] L. Wu, P. Wu, F. Meng, and W. Yu, “Study on 
face recognition with combined of fisher 
algorithm and support vector machine,” 2nd Int. 
Conf. Inf. Sci. Eng., pp. 5444–5447, Dec. 2010. 

[6] S. Mika and G. Ratsch, “Fisher discriminant 
analysis with kernels,” Neural Networks Signal 
Process. IX, 1999. Proc. 1999 IEEE Signal 
Process. Soc. Work., pp. 41–48, Jul. 1999. 

[7] J. Yang, A. F. Frangi, J.-Y. Yang, D. Zhang, and 
Z. Jin, “KPCA plus LDA: a complete kernel 
Fisher discriminant framework for feature 
extraction and recognition.,” IEEE Trans. Pattern 
Anal. Mach. Intell., vol. 27, no. 2, pp. 230–44, Feb. 
2005. 

[8] G. Bebis and S. J. Louis, “Genetic feature subset 
selection for gender classification: a comparison 
study,” Sixth IEEE Work. Appl. Comput. Vision, 
2002. (WACV 2002). Proceedings., pp. 165–170. 

[9] J. Wright and A. Yang, “Robust face recognition 
via sparse representation,” Pattern Anal. Mach. 
Intell., vol. 31, no. 2, pp. 210–227, 2009. 

[10] M. Aharon, M. Elad, and A. Bruckstein, “K -
SVD�: An Algorithm for Designing 
Overcomplete Dictionaries for Sparse 
Representation,” IEEE Trans. SIGNAL Process., 
vol. 54, no. 11, pp. 4311–4322, 2006. 

[11] S. Wang, Z. Liu, S. Lv, Y. Lv, G. Wu, P. Peng, F. 
Chen, and X. Wang, “A Natural Visible and 
Infrared Facial Expression Database for 
Expression Recognition and Emotion Inference,” 
IEEE Trans. Multimed., vol. 12, no. 7, pp. 682–
691, Nov. 2010. 

[12] P. Trinh and J. Cohn, “DISFA: A Spontaneous 
Facial Action Intensity Database,” IEEE Trans. 
Affect. Comput., vol. 4, no. 2, pp. 151–160, 2013. 

[13] A. Aifanti, N., Papachristou, C., & Delopoulos, 
“The MUG Facial Expression Database,” Image 
Anal. Multimed. Interact. Serv., pp. pp. 1–4, 2010. 

[14] Z. Zeng, M. Pantic, G. I. Roisman, and T. S. 
Huang, “A survey of affect recognition methods: 
audio, visual, and spontaneous expressions.,” 
IEEE Trans. Pattern Anal. Mach. Intell., vol. 31, 
no. 1, pp. 39–58, Jan. 2009. 

[15] J. Coan and J. Allen, Handbook of Emotion 
Elicitation and Assessment. Oxford University 
Press, 2007. 

[16] B. Schölkopf, A. Smola, and K. Müller, 
“Nonlinear component analysis as a kernel 
eigenvalue problem,” Neural Comput., vol. 1319, 
pp. 1299–1319, 1998. 

[17] M. Yang, N. Ahuja, and D. Kriegman, “Face 
recognition using kernel eigenfaces,” Image 
Process. 2000. Proc. Int. Conf., vol. vol. 1, pp. pp. 
37–40, 2000. 

[18] M. H. Yang, “Kernel Eigenfaces vs. Kernel 
Fisherfaces: Face recognition Using Kernel 
Methods,” Proc. Fifth IEEE Int’l Conf. Autom. 
Face Gesture Recognit., pp. 215 – 220, 2002. 

[19] S. Zafeiriou and M. Petrou, “Sparse 
Representations for Facial Expressions 
Recognition via l1 Optimization,” 2010 IEEE 
Comput. Soc. Conf. Comput. Vis. Pattern Recognit. 
- Work., pp. 32–39, Jun. 2010. 

[20] S. Cotter, “Sparse representation for accurate 
classification of corrupted and occluded facial 
expressions,” Int. Conf. Acoust. Speech Signal 
Process., pp. 838–841, 2010. 

[21] B. Draper, “Analyzing pca-based face recognition 
algorithms: Eigenvector selection and distance 
measures,” Empir. Eval. Methods Comput. Vis., 
pp. 1–14, 2002.  



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.7
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo false
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /AbadiMT-CondensedLight
    /ACaslon-Italic
    /ACaslon-Regular
    /ACaslon-Semibold
    /ACaslon-SemiboldItalic
    /AdobeArabic-Bold
    /AdobeArabic-BoldItalic
    /AdobeArabic-Italic
    /AdobeArabic-Regular
    /AdobeHebrew-Bold
    /AdobeHebrew-BoldItalic
    /AdobeHebrew-Italic
    /AdobeHebrew-Regular
    /AdobeHeitiStd-Regular
    /AdobeMingStd-Light
    /AdobeMyungjoStd-Medium
    /AdobePiStd
    /AdobeSansMM
    /AdobeSerifMM
    /AdobeSongStd-Light
    /AdobeThai-Bold
    /AdobeThai-BoldItalic
    /AdobeThai-Italic
    /AdobeThai-Regular
    /AGaramond-Bold
    /AGaramond-BoldItalic
    /AGaramond-Italic
    /AGaramond-Regular
    /AGaramond-Semibold
    /AGaramond-SemiboldItalic
    /AgencyFB-Bold
    /AgencyFB-Reg
    /AGOldFace-Outline
    /AharoniBold
    /Algerian
    /Americana
    /Americana-ExtraBold
    /AndaleMono
    /AndaleMonoIPA
    /AngsanaNew
    /AngsanaNew-Bold
    /AngsanaNew-BoldItalic
    /AngsanaNew-Italic
    /AngsanaUPC
    /AngsanaUPC-Bold
    /AngsanaUPC-BoldItalic
    /AngsanaUPC-Italic
    /Anna
    /ArialAlternative
    /ArialAlternativeSymbol
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialMT-Black
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialRoundedMTBold
    /ArialUnicodeMS
    /ArrusBT-Bold
    /ArrusBT-BoldItalic
    /ArrusBT-Italic
    /ArrusBT-Roman
    /AvantGarde-Book
    /AvantGarde-BookOblique
    /AvantGarde-Demi
    /AvantGarde-DemiOblique
    /AvantGardeITCbyBT-Book
    /AvantGardeITCbyBT-BookOblique
    /BakerSignet
    /BankGothicBT-Medium
    /Barmeno-Bold
    /Barmeno-ExtraBold
    /Barmeno-Medium
    /Barmeno-Regular
    /Baskerville
    /BaskervilleBE-Italic
    /BaskervilleBE-Medium
    /BaskervilleBE-MediumItalic
    /BaskervilleBE-Regular
    /Baskerville-Bold
    /Baskerville-BoldItalic
    /Baskerville-Italic
    /BaskOldFace
    /Batang
    /BatangChe
    /Bauhaus93
    /Bellevue
    /BellGothicStd-Black
    /BellGothicStd-Bold
    /BellGothicStd-Light
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlingAntiqua-Bold
    /BerlingAntiqua-BoldItalic
    /BerlingAntiqua-Italic
    /BerlingAntiqua-Roman
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BernhardModernBT-Bold
    /BernhardModernBT-BoldItalic
    /BernhardModernBT-Italic
    /BernhardModernBT-Roman
    /BiffoMT
    /BinnerD
    /BinnerGothic
    /BlackadderITC-Regular
    /Blackoak
    /blex
    /blsy
    /Bodoni
    /Bodoni-Bold
    /Bodoni-BoldItalic
    /Bodoni-Italic
    /BodoniMT
    /BodoniMTBlack
    /BodoniMTBlack-Italic
    /BodoniMT-Bold
    /BodoniMT-BoldItalic
    /BodoniMTCondensed
    /BodoniMTCondensed-Bold
    /BodoniMTCondensed-BoldItalic
    /BodoniMTCondensed-Italic
    /BodoniMT-Italic
    /BodoniMTPosterCompressed
    /Bodoni-Poster
    /Bodoni-PosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /Bookman-Demi
    /Bookman-DemiItalic
    /Bookman-Light
    /Bookman-LightItalic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolOne-Regular
    /BookshelfSymbolSeven
    /BookshelfSymbolThree-Regular
    /BookshelfSymbolTwo-Regular
    /Botanical
    /Boton-Italic
    /Boton-Medium
    /Boton-MediumItalic
    /Boton-Regular
    /Boulevard
    /BradleyHandITC
    /Braggadocio
    /BritannicBold
    /Broadway
    /BrowalliaNew
    /BrowalliaNew-Bold
    /BrowalliaNew-BoldItalic
    /BrowalliaNew-Italic
    /BrowalliaUPC
    /BrowalliaUPC-Bold
    /BrowalliaUPC-BoldItalic
    /BrowalliaUPC-Italic
    /BrushScript
    /BrushScriptMT
    /CaflischScript-Bold
    /CaflischScript-Regular
    /Calibri
    /Calibri-Bold
    /Calibri-BoldItalic
    /Calibri-Italic
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /CalisMTBol
    /CalistoMT
    /CalistoMT-BoldItalic
    /CalistoMT-Italic
    /Cambria
    /Cambria-Bold
    /Cambria-BoldItalic
    /Cambria-Italic
    /CambriaMath
    /Candara
    /Candara-Bold
    /Candara-BoldItalic
    /Candara-Italic
    /Carta
    /CaslonOpenfaceBT-Regular
    /Castellar
    /CastellarMT
    /Centaur
    /Centaur-Italic
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchL-Bold
    /CenturySchL-BoldItal
    /CenturySchL-Ital
    /CenturySchL-Roma
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /CGTimes-Bold
    /CGTimes-BoldItalic
    /CGTimes-Italic
    /CGTimes-Regular
    /CharterBT-Bold
    /CharterBT-BoldItalic
    /CharterBT-Italic
    /CharterBT-Roman
    /CheltenhamITCbyBT-Bold
    /CheltenhamITCbyBT-BoldItalic
    /CheltenhamITCbyBT-Book
    /CheltenhamITCbyBT-BookItalic
    /Chiller-Regular
    /Cmb10
    /CMB10
    /Cmbsy10
    /CMBSY10
    /CMBSY5
    /CMBSY6
    /CMBSY7
    /CMBSY8
    /CMBSY9
    /Cmbx10
    /CMBX10
    /Cmbx12
    /CMBX12
    /Cmbx5
    /CMBX5
    /Cmbx6
    /CMBX6
    /Cmbx7
    /CMBX7
    /Cmbx8
    /CMBX8
    /Cmbx9
    /CMBX9
    /Cmbxsl10
    /CMBXSL10
    /Cmbxti10
    /CMBXTI10
    /Cmcsc10
    /CMCSC10
    /Cmcsc8
    /CMCSC8
    /Cmcsc9
    /CMCSC9
    /Cmdunh10
    /CMDUNH10
    /Cmex10
    /CMEX10
    /CMEX7
    /CMEX8
    /CMEX9
    /Cmff10
    /CMFF10
    /Cmfi10
    /CMFI10
    /Cmfib8
    /CMFIB8
    /Cminch
    /CMINCH
    /Cmitt10
    /CMITT10
    /Cmmi10
    /CMMI10
    /Cmmi12
    /CMMI12
    /Cmmi5
    /CMMI5
    /Cmmi6
    /CMMI6
    /Cmmi7
    /CMMI7
    /Cmmi8
    /CMMI8
    /Cmmi9
    /CMMI9
    /Cmmib10
    /CMMIB10
    /CMMIB5
    /CMMIB6
    /CMMIB7
    /CMMIB8
    /CMMIB9
    /Cmr10
    /CMR10
    /Cmr12
    /CMR12
    /Cmr17
    /CMR17
    /Cmr5
    /CMR5
    /Cmr6
    /CMR6
    /Cmr7
    /CMR7
    /Cmr8
    /CMR8
    /Cmr9
    /CMR9
    /Cmsl10
    /CMSL10
    /Cmsl12
    /CMSL12
    /Cmsl8
    /CMSL8
    /Cmsl9
    /CMSL9
    /Cmsltt10
    /CMSLTT10
    /Cmss10
    /CMSS10
    /Cmss12
    /CMSS12
    /Cmss17
    /CMSS17
    /Cmss8
    /CMSS8
    /Cmss9
    /CMSS9
    /Cmssbx10
    /CMSSBX10
    /Cmssdc10
    /CMSSDC10
    /Cmssi10
    /CMSSI10
    /Cmssi12
    /CMSSI12
    /Cmssi17
    /CMSSI17
    /Cmssi8
    /CMSSI8
    /Cmssi9
    /CMSSI9
    /Cmssq8
    /CMSSQ8
    /Cmssqi8
    /CMSSQI8
    /Cmsy10
    /CMSY10
    /Cmsy5
    /CMSY5
    /Cmsy6
    /CMSY6
    /Cmsy7
    /CMSY7
    /Cmsy8
    /CMSY8
    /Cmsy9
    /CMSY9
    /Cmtcsc10
    /CMTCSC10
    /Cmtex10
    /CMTEX10
    /Cmtex8
    /CMTEX8
    /Cmtex9
    /CMTEX9
    /Cmti10
    /CMTI10
    /Cmti12
    /CMTI12
    /Cmti7
    /CMTI7
    /Cmti8
    /CMTI8
    /Cmti9
    /CMTI9
    /Cmtt10
    /CMTT10
    /Cmtt12
    /CMTT12
    /Cmtt8
    /CMTT8
    /Cmtt9
    /CMTT9
    /Cmu10
    /CMU10
    /Cmvtt10
    /CMVTT10
    /ColonnaMT
    /Colossalis-Bold
    /ComicSansMS
    /ComicSansMS-Bold
    /Consolas
    /Consolas-Bold
    /Consolas-BoldItalic
    /Consolas-Italic
    /Constantia
    /Constantia-Bold
    /Constantia-BoldItalic
    /Constantia-Italic
    /CooperBlack
    /CopperplateGothic-Bold
    /CopperplateGothic-Light
    /Copperplate-ThirtyThreeBC
    /Corbel
    /Corbel-Bold
    /Corbel-BoldItalic
    /Corbel-Italic
    /CordiaNew
    /CordiaNew-Bold
    /CordiaNew-BoldItalic
    /CordiaNew-Italic
    /CordiaUPC
    /CordiaUPC-Bold
    /CordiaUPC-BoldItalic
    /CordiaUPC-Italic
    /Courier
    /Courier-Bold
    /Courier-BoldOblique
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /Courier-Oblique
    /CourierStd
    /CourierStd-Bold
    /CourierStd-BoldOblique
    /CourierStd-Oblique
    /CourierX-Bold
    /CourierX-BoldOblique
    /CourierX-Oblique
    /CourierX-Regular
    /CreepyRegular
    /CurlzMT
    /David-Bold
    /David-Reg
    /DavidTransparent
    /Dcb10
    /Dcbx10
    /Dcbxsl10
    /Dcbxti10
    /Dccsc10
    /Dcitt10
    /Dcr10
    /Desdemona
    /DilleniaUPC
    /DilleniaUPCBold
    /DilleniaUPCBoldItalic
    /DilleniaUPCItalic
    /Dingbats
    /DomCasual
    /Dotum
    /DotumChe
    /EdwardianScriptITC
    /Elephant-Italic
    /Elephant-Regular
    /EngraversGothicBT-Regular
    /EngraversMT
    /EraserDust
    /ErasITC-Bold
    /ErasITC-Demi
    /ErasITC-Light
    /ErasITC-Medium
    /ErieBlackPSMT
    /ErieLightPSMT
    /EriePSMT
    /EstrangeloEdessa
    /Euclid
    /Euclid-Bold
    /Euclid-BoldItalic
    /EuclidExtra
    /EuclidExtra-Bold
    /EuclidFraktur
    /EuclidFraktur-Bold
    /Euclid-Italic
    /EuclidMathOne
    /EuclidMathOne-Bold
    /EuclidMathTwo
    /EuclidMathTwo-Bold
    /EuclidSymbol
    /EuclidSymbol-Bold
    /EuclidSymbol-BoldItalic
    /EuclidSymbol-Italic
    /EucrosiaUPC
    /EucrosiaUPCBold
    /EucrosiaUPCBoldItalic
    /EucrosiaUPCItalic
    /EUEX10
    /EUEX7
    /EUEX8
    /EUEX9
    /EUFB10
    /EUFB5
    /EUFB7
    /EUFM10
    /EUFM5
    /EUFM7
    /EURB10
    /EURB5
    /EURB7
    /EURM10
    /EURM5
    /EURM7
    /EuroMono-Bold
    /EuroMono-BoldItalic
    /EuroMono-Italic
    /EuroMono-Regular
    /EuroSans-Bold
    /EuroSans-BoldItalic
    /EuroSans-Italic
    /EuroSans-Regular
    /EuroSerif-Bold
    /EuroSerif-BoldItalic
    /EuroSerif-Italic
    /EuroSerif-Regular
    /EuroSig
    /EUSB10
    /EUSB5
    /EUSB7
    /EUSM10
    /EUSM5
    /EUSM7
    /FelixTitlingMT
    /Fences
    /FencesPlain
    /FigaroMT
    /FixedMiriamTransparent
    /FootlightMTLight
    /Formata-Italic
    /Formata-Medium
    /Formata-MediumItalic
    /Formata-Regular
    /ForteMT
    /FranklinGothic-Book
    /FranklinGothic-BookItalic
    /FranklinGothic-Demi
    /FranklinGothic-DemiCond
    /FranklinGothic-DemiItalic
    /FranklinGothic-Heavy
    /FranklinGothic-HeavyItalic
    /FranklinGothicITCbyBT-Book
    /FranklinGothicITCbyBT-BookItal
    /FranklinGothicITCbyBT-Demi
    /FranklinGothicITCbyBT-DemiItal
    /FranklinGothic-Medium
    /FranklinGothic-MediumCond
    /FranklinGothic-MediumItalic
    /FrankRuehl
    /FreesiaUPC
    /FreesiaUPCBold
    /FreesiaUPCBoldItalic
    /FreesiaUPCItalic
    /FreestyleScript-Regular
    /FrenchScriptMT
    /Frutiger-Black
    /Frutiger-BlackCn
    /Frutiger-BlackItalic
    /Frutiger-Bold
    /Frutiger-BoldCn
    /Frutiger-BoldItalic
    /Frutiger-Cn
    /Frutiger-ExtraBlackCn
    /Frutiger-Italic
    /Frutiger-Light
    /Frutiger-LightCn
    /Frutiger-LightItalic
    /Frutiger-Roman
    /Frutiger-UltraBlack
    /Futura-Bold
    /Futura-BoldOblique
    /Futura-Book
    /Futura-BookOblique
    /FuturaBT-Bold
    /FuturaBT-BoldItalic
    /FuturaBT-Book
    /FuturaBT-BookItalic
    /FuturaBT-Medium
    /FuturaBT-MediumItalic
    /Futura-Light
    /Futura-LightOblique
    /GalliardITCbyBT-Bold
    /GalliardITCbyBT-BoldItalic
    /GalliardITCbyBT-Italic
    /GalliardITCbyBT-Roman
    /Garamond
    /Garamond-Bold
    /Garamond-BoldCondensed
    /Garamond-BoldCondensedItalic
    /Garamond-BoldItalic
    /Garamond-BookCondensed
    /Garamond-BookCondensedItalic
    /Garamond-Italic
    /Garamond-LightCondensed
    /Garamond-LightCondensedItalic
    /Gautami
    /GeometricSlab703BT-Light
    /GeometricSlab703BT-LightItalic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /GeorgiaRef
    /Giddyup
    /Giddyup-Thangs
    /Gigi-Regular
    /GillSans
    /GillSans-Bold
    /GillSans-BoldItalic
    /GillSans-Condensed
    /GillSans-CondensedBold
    /GillSans-Italic
    /GillSans-Light
    /GillSans-LightItalic
    /GillSansMT
    /GillSansMT-Bold
    /GillSansMT-BoldItalic
    /GillSansMT-Condensed
    /GillSansMT-ExtraCondensedBold
    /GillSansMT-Italic
    /GillSans-UltraBold
    /GillSans-UltraBoldCondensed
    /GloucesterMT-ExtraCondensed
    /Gothic-Thirteen
    /GoudyOldStyleBT-Bold
    /GoudyOldStyleBT-BoldItalic
    /GoudyOldStyleBT-Italic
    /GoudyOldStyleBT-Roman
    /GoudyOldStyleT-Bold
    /GoudyOldStyleT-Italic
    /GoudyOldStyleT-Regular
    /GoudyStout
    /GoudyTextMT-LombardicCapitals
    /GSIDefaultSymbols
    /Gulim
    /GulimChe
    /Gungsuh
    /GungsuhChe
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /Helvetica
    /Helvetica-Black
    /Helvetica-BlackOblique
    /Helvetica-Bold
    /Helvetica-BoldOblique
    /Helvetica-Condensed
    /Helvetica-Condensed-Black
    /Helvetica-Condensed-BlackObl
    /Helvetica-Condensed-Bold
    /Helvetica-Condensed-BoldObl
    /Helvetica-Condensed-Light
    /Helvetica-Condensed-LightObl
    /Helvetica-Condensed-Oblique
    /Helvetica-Fraction
    /Helvetica-Narrow
    /Helvetica-Narrow-Bold
    /Helvetica-Narrow-BoldOblique
    /Helvetica-Narrow-Oblique
    /Helvetica-Oblique
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Humanist521BT-BoldCondensed
    /Humanist521BT-Light
    /Humanist521BT-LightItalic
    /Humanist521BT-RomanCondensed
    /Imago-ExtraBold
    /Impact
    /ImprintMT-Shadow
    /InformalRoman-Regular
    /IrisUPC
    /IrisUPCBold
    /IrisUPCBoldItalic
    /IrisUPCItalic
    /Ironwood
    /ItcEras-Medium
    /ItcKabel-Bold
    /ItcKabel-Book
    /ItcKabel-Demi
    /ItcKabel-Medium
    /ItcKabel-Ultra
    /JasmineUPC
    /JasmineUPC-Bold
    /JasmineUPC-BoldItalic
    /JasmineUPC-Italic
    /JoannaMT
    /JoannaMT-Italic
    /Jokerman-Regular
    /JuiceITC-Regular
    /Kartika
    /Kaufmann
    /KaufmannBT-Bold
    /KaufmannBT-Regular
    /KidTYPEPaint
    /KinoMT
    /KodchiangUPC
    /KodchiangUPC-Bold
    /KodchiangUPC-BoldItalic
    /KodchiangUPC-Italic
    /KorinnaITCbyBT-Regular
    /KozGoProVI-Medium
    /KozMinProVI-Regular
    /KristenITC-Regular
    /KunstlerScript
    /Latha
    /LatinWide
    /LetterGothic
    /LetterGothic-Bold
    /LetterGothic-BoldOblique
    /LetterGothic-BoldSlanted
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LetterGothic-Slanted
    /LetterGothicStd
    /LetterGothicStd-Bold
    /LetterGothicStd-BoldSlanted
    /LetterGothicStd-Slanted
    /LevenimMT
    /LevenimMTBold
    /LilyUPC
    /LilyUPCBold
    /LilyUPCBoldItalic
    /LilyUPCItalic
    /Lithos-Black
    /Lithos-Regular
    /LotusWPBox-Roman
    /LotusWPIcon-Roman
    /LotusWPIntA-Roman
    /LotusWPIntB-Roman
    /LotusWPType-Roman
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSans-Typewriter
    /LucidaSans-TypewriterBold
    /LucidaSans-TypewriterBoldOblique
    /LucidaSans-TypewriterOblique
    /LucidaSansUnicode
    /Lydian
    /Magneto-Bold
    /MaiandraGD-Regular
    /Mangal-Regular
    /Map-Symbols
    /MathA
    /MathB
    /MathC
    /Mathematica1
    /Mathematica1-Bold
    /Mathematica1Mono
    /Mathematica1Mono-Bold
    /Mathematica2
    /Mathematica2-Bold
    /Mathematica2Mono
    /Mathematica2Mono-Bold
    /Mathematica3
    /Mathematica3-Bold
    /Mathematica3Mono
    /Mathematica3Mono-Bold
    /Mathematica4
    /Mathematica4-Bold
    /Mathematica4Mono
    /Mathematica4Mono-Bold
    /Mathematica5
    /Mathematica5-Bold
    /Mathematica5Mono
    /Mathematica5Mono-Bold
    /Mathematica6
    /Mathematica6Bold
    /Mathematica6Mono
    /Mathematica6MonoBold
    /Mathematica7
    /Mathematica7Bold
    /Mathematica7Mono
    /Mathematica7MonoBold
    /MatisseITC-Regular
    /MaturaMTScriptCapitals
    /Mesquite
    /Mezz-Black
    /Mezz-Regular
    /MICR
    /MicrosoftSansSerif
    /MingLiU
    /Minion-BoldCondensed
    /Minion-BoldCondensedItalic
    /Minion-Condensed
    /Minion-CondensedItalic
    /Minion-Ornaments
    /MinionPro-Bold
    /MinionPro-BoldIt
    /MinionPro-It
    /MinionPro-Regular
    /MinionPro-Semibold
    /MinionPro-SemiboldIt
    /Miriam
    /MiriamFixed
    /MiriamTransparent
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MonotypeSorts
    /MSAM10
    /MSAM5
    /MSAM6
    /MSAM7
    /MSAM8
    /MSAM9
    /MSBM10
    /MSBM5
    /MSBM6
    /MSBM7
    /MSBM8
    /MSBM9
    /MS-Gothic
    /MSHei
    /MSLineDrawPSMT
    /MS-Mincho
    /MSOutlook
    /MS-PGothic
    /MS-PMincho
    /MSReference1
    /MSReference2
    /MSReferenceSansSerif
    /MSReferenceSansSerif-Bold
    /MSReferenceSansSerif-BoldItalic
    /MSReferenceSansSerif-Italic
    /MSReferenceSerif
    /MSReferenceSerif-Bold
    /MSReferenceSerif-BoldItalic
    /MSReferenceSerif-Italic
    /MSReferenceSpecialty
    /MSSong
    /MS-UIGothic
    /MT-Extra
    /MT-Symbol
    /MT-Symbol-Italic
    /MVBoli
    /Myriad-Bold
    /Myriad-BoldItalic
    /Myriad-Italic
    /MyriadPro-Black
    /MyriadPro-BlackIt
    /MyriadPro-Bold
    /MyriadPro-BoldIt
    /MyriadPro-It
    /MyriadPro-Light
    /MyriadPro-LightIt
    /MyriadPro-Regular
    /MyriadPro-Semibold
    /MyriadPro-SemiboldIt
    /Myriad-Roman
    /Narkisim
    /NewCenturySchlbk-Bold
    /NewCenturySchlbk-BoldItalic
    /NewCenturySchlbk-Italic
    /NewCenturySchlbk-Roman
    /NewMilleniumSchlbk-BoldItalicSH
    /NewsGothic
    /NewsGothic-Bold
    /NewsGothicBT-Bold
    /NewsGothicBT-BoldItalic
    /NewsGothicBT-Italic
    /NewsGothicBT-Roman
    /NewsGothic-Condensed
    /NewsGothic-Italic
    /NewsGothicMT
    /NewsGothicMT-Bold
    /NewsGothicMT-Italic
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NimbusMonL-Bold
    /NimbusMonL-BoldObli
    /NimbusMonL-Regu
    /NimbusMonL-ReguObli
    /NimbusRomDGR-Bold
    /NimbusRomDGR-BoldItal
    /NimbusRomDGR-Regu
    /NimbusRomDGR-ReguItal
    /NimbusRomNo9L-Medi
    /NimbusRomNo9L-MediItal
    /NimbusRomNo9L-Regu
    /NimbusRomNo9L-ReguItal
    /NimbusSanL-Bold
    /NimbusSanL-BoldCond
    /NimbusSanL-BoldCondItal
    /NimbusSanL-BoldItal
    /NimbusSanL-Regu
    /NimbusSanL-ReguCond
    /NimbusSanL-ReguCondItal
    /NimbusSanL-ReguItal
    /Nimrod
    /Nimrod-Bold
    /Nimrod-BoldItalic
    /Nimrod-Italic
    /NSimSun
    /Nueva-BoldExtended
    /Nueva-BoldExtendedItalic
    /Nueva-Italic
    /Nueva-Roman
    /NuptialScript
    /OCRA
    /OCRA-Alternate
    /OCRAExtended
    /OCRB
    /OCRB-Alternate
    /OfficinaSans-Bold
    /OfficinaSans-BoldItalic
    /OfficinaSans-Book
    /OfficinaSans-BookItalic
    /OfficinaSerif-Bold
    /OfficinaSerif-BoldItalic
    /OfficinaSerif-Book
    /OfficinaSerif-BookItalic
    /OldEnglishTextMT
    /Onyx
    /OnyxBT-Regular
    /OzHandicraftBT-Roman
    /PalaceScriptMT
    /Palatino-Bold
    /Palatino-BoldItalic
    /Palatino-Italic
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Palatino-Roman
    /PapyrusPlain
    /Papyrus-Regular
    /Parchment-Regular
    /Parisian
    /ParkAvenue
    /Penumbra-SemiboldFlare
    /Penumbra-SemiboldSans
    /Penumbra-SemiboldSerif
    /PepitaMT
    /Perpetua
    /Perpetua-Bold
    /Perpetua-BoldItalic
    /Perpetua-Italic
    /PerpetuaTitlingMT-Bold
    /PerpetuaTitlingMT-Light
    /PhotinaCasualBlack
    /Playbill
    /PMingLiU
    /Poetica-SuppOrnaments
    /PoorRichard-Regular
    /PopplLaudatio-Italic
    /PopplLaudatio-Medium
    /PopplLaudatio-MediumItalic
    /PopplLaudatio-Regular
    /PrestigeElite
    /Pristina-Regular
    /PTBarnumBT-Regular
    /Raavi
    /RageItalic
    /Ravie
    /RefSpecialty
    /Ribbon131BT-Bold
    /Rockwell
    /Rockwell-Bold
    /Rockwell-BoldItalic
    /Rockwell-Condensed
    /Rockwell-CondensedBold
    /Rockwell-ExtraBold
    /Rockwell-Italic
    /Rockwell-Light
    /Rockwell-LightItalic
    /Rod
    /RodTransparent
    /RunicMT-Condensed
    /Sanvito-Light
    /Sanvito-Roman
    /ScriptC
    /ScriptMTBold
    /SegoeUI
    /SegoeUI-Bold
    /SegoeUI-BoldItalic
    /SegoeUI-Italic
    /Serpentine-BoldOblique
    /ShelleyVolanteBT-Regular
    /ShowcardGothic-Reg
    /Shruti
    /SimHei
    /SimSun
    /SimSun-PUA
    /SnapITC-Regular
    /StandardSymL
    /Stencil
    /StoneSans
    /StoneSans-Bold
    /StoneSans-BoldItalic
    /StoneSans-Italic
    /StoneSans-Semibold
    /StoneSans-SemiboldItalic
    /Stop
    /Swiss721BT-BlackExtended
    /Sylfaen
    /Symbol
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /Tci1
    /Tci1Bold
    /Tci1BoldItalic
    /Tci1Italic
    /Tci2
    /Tci2Bold
    /Tci2BoldItalic
    /Tci2Italic
    /Tci3
    /Tci3Bold
    /Tci3BoldItalic
    /Tci3Italic
    /Tci4
    /Tci4Bold
    /Tci4BoldItalic
    /Tci4Italic
    /TechnicalItalic
    /TechnicalPlain
    /Tekton
    /Tekton-Bold
    /TektonMM
    /Tempo-HeavyCondensed
    /Tempo-HeavyCondensedItalic
    /TempusSansITC
    /Times-Bold
    /Times-BoldItalic
    /Times-BoldItalicOsF
    /Times-BoldSC
    /Times-ExtraBold
    /Times-Italic
    /Times-ItalicOsF
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Times-RomanSC
    /Trajan-Bold
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga-Regular
    /TwCenMT-Bold
    /TwCenMT-BoldItalic
    /TwCenMT-Condensed
    /TwCenMT-CondensedBold
    /TwCenMT-CondensedExtraBold
    /TwCenMT-CondensedMedium
    /TwCenMT-Italic
    /TwCenMT-Regular
    /Univers-Bold
    /Univers-BoldItalic
    /UniversCondensed-Bold
    /UniversCondensed-BoldItalic
    /UniversCondensed-Medium
    /UniversCondensed-MediumItalic
    /Univers-Medium
    /Univers-MediumItalic
    /URWBookmanL-DemiBold
    /URWBookmanL-DemiBoldItal
    /URWBookmanL-Ligh
    /URWBookmanL-LighItal
    /URWChanceryL-MediItal
    /URWGothicL-Book
    /URWGothicL-BookObli
    /URWGothicL-Demi
    /URWGothicL-DemiObli
    /URWPalladioL-Bold
    /URWPalladioL-BoldItal
    /URWPalladioL-Ital
    /URWPalladioL-Roma
    /USPSBarCode
    /VAGRounded-Black
    /VAGRounded-Bold
    /VAGRounded-Light
    /VAGRounded-Thin
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VerdanaRef
    /VinerHandITC
    /Viva-BoldExtraExtended
    /Vivaldii
    /Viva-LightCondensed
    /Viva-Regular
    /VladimirScript
    /Vrinda
    /Webdings
    /Westminster
    /Willow
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /WNCYB10
    /WNCYI10
    /WNCYR10
    /WNCYSC10
    /WNCYSS10
    /WoodtypeOrnaments-One
    /WoodtypeOrnaments-Two
    /WP-ArabicScriptSihafa
    /WP-ArabicSihafa
    /WP-BoxDrawing
    /WP-CyrillicA
    /WP-CyrillicB
    /WP-GreekCentury
    /WP-GreekCourier
    /WP-GreekHelve
    /WP-HebrewDavid
    /WP-IconicSymbolsA
    /WP-IconicSymbolsB
    /WP-Japanese
    /WP-MathA
    /WP-MathB
    /WP-MathExtendedA
    /WP-MathExtendedB
    /WP-MultinationalAHelve
    /WP-MultinationalARoman
    /WP-MultinationalBCourier
    /WP-MultinationalBHelve
    /WP-MultinationalBRoman
    /WP-MultinationalCourier
    /WP-Phonetic
    /WPTypographicSymbols
    /XYATIP10
    /XYBSQL10
    /XYBTIP10
    /XYCIRC10
    /XYCMAT10
    /XYCMBT10
    /XYDASH10
    /XYEUAT10
    /XYEUBT10
    /ZapfChancery-MediumItalic
    /ZapfDingbats
    /ZapfHumanist601BT-Bold
    /ZapfHumanist601BT-BoldItalic
    /ZapfHumanist601BT-Demi
    /ZapfHumanist601BT-DemiItalic
    /ZapfHumanist601BT-Italic
    /ZapfHumanist601BT-Roman
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 200
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 2.00333
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 1.30
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 200
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 2.00333
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 1.30
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 400
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00167
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e5c4f5e55663e793a3001901a8fc775355b5090ae4ef653d190014ee553ca901a8fc756e072797f5153d15e03300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc87a25e55986f793a3001901a904e96fb5b5090f54ef650b390014ee553ca57287db2969b7db28def4e0a767c5e03300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV <>
    /HUN <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020d654ba740020d45cc2dc002c0020c804c7900020ba54c77c002c0020c778d130b137c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor weergave op een beeldscherm, e-mail en internet. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for on-screen display, e-mail, and the Internet.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToRGB
      /DestinationProfileName (sRGB IEC61966-2.1)
      /DestinationProfileSelector /UseName
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PreserveEditing false
      /UntaggedCMYKHandling /UseDocumentProfile
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


